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ABSTRACT 

AI models do not know the organization by default. They may possess broad medical, administrative, and procedural knowledge, but 
dependable healthcare work depends on local operational context: organizational policies, contracts, workflow rules, source authority, 
patient and case state, supervisory expectations, and other institution-specific knowledge that cannot be inferred from general AI model 
training. This article argues that organizational context is not merely information available to an AI Digital Worker. It is the managed control 
layer that governs how Digital Labor is performed. Information becomes operational context only when its relevance, authority, freshness, 
scope, and permitted use have been specified for a particular role and action. Digital Operations therefore manages context as infrastructure 
through role-specific context specifications, source hierarchy, freshness requirements, completeness thresholds, stewardship, and 
evidence of context use. These controls allow Digital Workers to operate within the organization’s actual operating conditions rather than 
relying solely on intrinsic AI capabilities. This organizational context infrastructure maintains the reliability, explainability, and governability 
of Digital Labor as AI models and operational conditions continue to evolve. 
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Key points 
• Context is more than retrievable information. It becomes 

operational context when its relevance, authority, scope, 
freshness, and permitted use are specified for a Digital Worker. 

• Missing context is an operational state. Absent, stale, 
conflicting, low-authority, or inapplicable information should 
trigger the Digital Worker to verify, gather, ask, abstain, defer, 
route, or escalate rather than confidently continue AI 
inference. 

• Reliable Digital Workers depend on role-specific context 
specifications. Source hierarchy, freshness, completeness 
thresholds, and missing-context responses determine how 
work proceeds under local organizational conditions. 

• Shared context becomes strategic infrastructure. Governed 
sources, update triggers, and evidence can be reused across a 
portfolio of Digital Workers while preserving role-specific 
access and control. 

• Context stewardship is a Digital Operations function. Local 
knowledge requires explicit ownership, governance, 
versioning, and operational evidence so that Digital Workers 
consistently use the appropriate sources for each task. 

Models do not know the organization by default 
A capable model can know many general facts and still fail to 
properly perform accountable work in an organization. It may 
understand what prior authorization is, how an appeal is 
structured, or what information commonly appears in a referral. 
That does not mean it knows which payer policy is active for this 
plan, which EHR field is authoritative for this clinic, which 
documentation template this service line uses, what the 
supervisor wants escalated, or whether a portal response is stale. 
General capability and local competence are different properties, 
and the second cannot be inferred from the first. 

Healthcare implementation research indicates that technology 
performance depends on factors such as local setting, workflow, 
users, organizational complexity, and the surrounding 
sociotechnical system1-7. Additionally, repeated local validation is 

recommended because performance can differ between 
institutions and over time.8  

Generative AI intensifies this dependency because fluent outputs 
can mask missing or inappropriate organizational context while 
remaining highly persuasive.9 A Digital Worker may therefore 
produce a persuasive answer while relying on an outdated policy, 
an incomplete record, or a source that is authoritative for a 
different plan, jurisdiction, or task. Retrieval-grounded systems 
reduce, but do not eliminate, this risk because retrieval depends 
on selecting authoritative sources, assessing their applicability to 
the task, and recognizing when relevant context is incomplete, 
conflicting, or unavailable.10 Human reviewers also help, but 
cannot be assumed to catch every persuasive error because 
automation bias can undermine verification when outputs appear 
authoritative.11,12  

The organizational implication is therefore straightforward. Local 
context cannot be treated as an informal collection of documents 
or a retrieval corpus attached to an AI system. It must be managed 
as operational infrastructure, with explicit definitions of authority, 
freshness, applicability, stewardship, and evidence of use. Only 
then can Digital Workers operate within the institution’s actual 
operating conditions rather than relying on generalized inference. 

Context is not just data 
Data is part of context, but context is broader. A lab result, claim 
status, payer rule, clinic SOP, patient message, locally approved 
review threshold, and queue note can all become relevant 
context. They differ in authority, freshness, applicability, scope, 
provenance, and actionability, and those differences determine 
what a Digital Worker may safely do with each of them. 

Operational context is not defined by what information exists 
within an organization, but by what information has been 
deliberately prepared to support a specific action. Information 
becomes operational context only when its relevance, authority, 
applicability, freshness, and permitted use have been specified 
for a particular Digital Worker role and task. Context is therefore 
not simply retrieved; it is operationally defined. 
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A Digital Worker does not need all information. It needs the right 
information for the role. A referral worker needs network status, 
scheduling rules, symptoms that affect urgency, language 
access, transportation constraints, and documentation 
requirements. A denial worker needs claim history, the denial 
reason, contract terms, payer policy, medical documentation, 
prior submissions, and appeal deadlines. A documentation 
worker needs chart facts, service-line templates, payer-specific 
requirements, and clinician review thresholds. Each role draws on 
a different slice of the organization’s knowledge, at a different 
tempo, under different constraints. 

The worker therefore needs a context stack: a layered set of local 
knowledge and operating state that defines what is true, what is 
current and applicable, which source governs, and what should 
happen when information is missing or conflicting (Fig. 1). 

The context stack 
A practical context stack includes at least six layers. Core records 
anchor the stack: patient identity, encounters, orders, claims, 
benefits, notes, documents, messages, authorizations, and 
clinical facts relevant to the role. Policy and rule context 
includes payer policy, plan rules, benefit design, contract terms, 
local SOPs, documentation templates, compliance constraints, 
and the source hierarchy itself. Workflow state carries the case 
forward: queue status, prior attempts, current task, handoffs, 
deadlines, pending approvals, and next action. 

System and partner state describes the environment in which 
the worker acts: the EHR build, portal behavior, API status, fax or 
document-exchange evidence, partner response reliability, and 
known failure modes. Patient and access context captures what 
safe and equitable service requires: language, caregiver authority, 
disability accommodation, transportation, portal access, health 
literacy, and timing constraints. Supervisory judgment 
completes the stack through documented local expectations 
about what accountable leaders require to be reviewed, 
escalated, questioned, or prohibited. 

The layers have different operating forms and tempos. Policies, 
contracts, and approved SOPs are relatively persistent 
institutional context. Patient facts and claim histories are case-
specific context. Queue status, portal responses, pending 
handoffs, and system availability are ephemeral operating states. 
Payer contracts may change yearly, policies monthly, system 
state daily, and workflow state within a single case. DOpS must 
therefore manage context as a living operating layer, with update 
triggers, validation, retention, and evidence requirements 
matched to each layer. Each role draws a different slice of the 
same stack, which is why context requirements are specified at 
the role level rather than the enterprise level (Fig. 2). 

Most of these context layers already exist within healthcare 
organizations. Digital Operations does not recreate them; it 
identifies the subset required for accountable work, assigns 
operational meaning to those assets, and makes them 
consistently consumable across Digital Workers. 

 
FIGURE 1 - Organizational context stack. Six layers of local knowledge support a Digital Worker role, from core records to supervisory judgment. The layers change at 

different tempos, which is why context must be operated as a living layer rather than archived as a static knowledge base. 
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Source hierarchy and freshness 
A Digital Worker needs a rule for which context governs a 
particular action. Source hierarchy is not one universal ranking; it 
is a task-specific precedence rule. An executed contract may 
govern reimbursement while a current payer policy governs 
medical-necessity documentation. A signed clinician order may 
govern the requested service while a local SOP governs the 
internal workflow. A portal response may provide current 
operational evidence without being legally dispositive. Each 
priority must therefore be encoded with its scope and 
applicability, and conflicts that cannot be safely resolved must 
remain visible rather than being silently collapsed by the model. 

Freshness defines whether a source is current enough for action, 
but recency alone is insufficient. The source must also apply to 
the correct patient, plan, service, jurisdiction, effective period, 
and task. A payer policy used to submit an authorization may need 

a version and effective-date check at submission. A patient 
address used for communication may require verification at the 
moment of action. A queue note may become stale after a handoff 
or external response. A recently retrieved document may still be 
superseded, incomplete, or inapplicable. Freshness is therefore 
shorthand for task-specific current validity. 

Data-provenance research establishes the importance of tracing 
where information came from, how it moved, and how it was 
transformed.13,14 Digital Operations extends that principle into 
action-time control. For each material action, the worker should 
preserve the source, timestamp, version, authority level, 
applicability, and any conflict or gap that shaped the decision (Fig. 
3). For clinical decision-support functions within its scope, FDA 
guidance similarly emphasizes that healthcare professionals 
must be able to independently review the basis for a 
recommendation.15 

 
FIGURE 2 - Role-level context slices. Three Digital Worker roles draw on the same six-layer stack, but each requires a different slice of it. Greyed cells mark layers that 

are secondary for that role. Context requirements are therefore specified per role, not per enterprise. 

Missing context is an operational state 
A reliable Digital Worker should not fill missing organizational 
context with confident inference. Missing context should be 
treated as an operational state, and it should trigger one of several 
designed responses: verify, gather more information, ask a 
human, abstain, defer, route to another role, or escalate. 

The principle is simple but consequential. A human worker may 
know that an absent document usually means the case should 
wait. A generative AI system, left uninstructed, may treat the same 
absence as a gap to be bridged by plausible reasoning, consistent 
with the failure modes described in the hallucination literature.9 
NIST's Generative AI Profile likewise identifies confabulation and 
information-integrity risks that require explicit management.16 The 
same operational risk appears when context is stale, conflicting, 
low-authority, inapplicable, or outside the role's scope. 

DOpS should therefore encode context-completeness thresholds 
by task. A worker may draft but not submit when policy validity is 

unknown. It may retrieve but not conclude when patient identity is 
ambiguous. It may summarize but not send when language 
preference or caregiver authorization is unclear. It may escalate 
when two authoritative sources conflict. Each threshold converts 
a silent judgment into an explicit, auditable rule and defines what 
work remains permissible while the gap is resolved. 

Context ownership and stewardship 
Organizational context needs accountable owners. Payer-policy 
context may be owned by revenue cycle or contracting. Clinical 
documentation templates may be owned by clinical operations. 
Access rules may be owned by security. Workflow SOPs may be 
owned by operations. Equity and language-access context may 
require input from patient experience and compliance. Material 
supervisory judgment belongs with accountable service-line 
leaders and should be converted from tacit practice into 
documented, reviewable operating expectations before it 
becomes machine-usable context. 
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If no one owns context, Digital Workers inherit fragmentation. 
They will use whatever sources are easiest to retrieve, not 
necessarily the sources the organization trusts, and they will learn 
from old cases, informal summaries, or stale documents because 
no one maintains the authoritative layer. 

Context stewardship is therefore a Digital Operations function. 
Data-stewardship research supports the need for accountable 
organizational ownership; Digital Operations extends that 
responsibility into operational controls for versioning, validity 
review, source retirement, conflict resolution, access, update 
triggers, and evidence that workers used the appropriate source 
at the right time.17 Each layer should carry a named steward, 
explicit update triggers, and a review cadence (Fig. 4).  

This discipline is consistent with AI management-system and risk-
management frameworks that emphasize governed, 
documented, monitored information and risk controls16,18-20, and 
it extends to local operating knowledge the structured 
documentation practices developed for models and datasets.21,22 

Stewardship should be proportional to operational consequence. 
Not every organizational document requires the same level of 
governance. Frequently changing, safety-critical, or operationally 
significant context warrants stronger stewardship than static 
reference information. Digital Operations therefore focuses 
governance effort on the context that materially influences 
accountable work rather than attempting to curate every 
organizational asset. 

Context management scales through reuse 
One concern is that managing organizational context for Digital 
Workers could become an impractical documentation exercise. 
That is not the objective. Healthcare organizations already 
manage large bodies of operational knowledge through policies, 
contracts, payer rules, workflow definitions, identity systems, 
provider directories, clinical pathways, templates, and standard 
operating procedures. Digital Operations does not create this 
knowledge; it organizes and governs the subset that materially 
influences accountable work. 

Most operational context is shared across many Digital Workers 
rather than maintained independently for each role. A payer-
policy library, provider directory, language-access rules, or 
referral playbook may support dozens of Digital Workers 
simultaneously. Individual roles do not duplicate these assets. 
Instead, each role defines a Context Specification that identifies 
which governed context sources it requires, the authority 
assigned to those sources, applicable freshness requirements, 
and the expected response when required context is unavailable 
or conflicting. 

Context management should also be incremental. Organizations 
do not need to define enterprise-wide context before deploying 
their first Digital Worker. They begin with the context required for 
one role, govern what materially affects that work, and 
progressively expand reusable context assets as additional Digital 
Workers are introduced. As the portfolio grows, the marginal effort 
shifts from creating new context toward reusing and refining 
existing governed context. 

AI itself can substantially reduce the effort required to build and 
maintain this infrastructure. AI-enabled Digital Operations 
Systems (DOpS) can assist organizations by iteratively identifying 
candidate context sources, extracting relevant operational rules 
from existing policies and procedures, detecting inconsistencies, 
recommending missing context, monitoring source freshness, 
and proposing updates for human review. Human stewards 
remain accountable for approving operational context, but AI can 
reduce the cognitive load and manual effort required to discover, 
organize, and maintain the organizational context infrastructure. 

The objective is therefore not to curate every piece of 
organizational knowledge. It is to identify, govern, and 
continuously maintain the relatively small subset of operational 
context that materially influences accountable work, making it 
reusable across many Digital Workers while preserving 
organizational ownership and accountability. 

 

 
FIGURE 3 - Source hierarchy and the current-validity gate. The hierarchy defines which source is authoritative when sources conflict; the current-validity gate decides 

whether that source is current and applicable to the patient, plan, service, jurisdiction, effective period, and task at hand. Failing either test triggers a designed response 
rather than confident inference. 
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Context as a shared operational infrastructure 
The first Digital Worker may justify assembling context for one 
workflow. The fifth and the tenth reveal the strategic value of 
shared context infrastructure. Payer-policy sources, contract 
terms, documentation requirements, identity rules, and 
escalation norms can be governed once and reused across 
multiple roles. Repeated discovery is reduced; stewardship cost 
is amortized; new validation begins from known sources; and a 
policy or contract change can be propagated to every dependent 
worker. Each subsequent deployment starts further ahead 
without giving every worker access to everything. 

This is where organizational context differs from generic data 
strategy. The goal is to focus on access to the local knowledge that 
is required for accountable work, while keeping it current, 
authoritative, applicable, machine-usable, and governable. 
Interoperability and health-data-exchange standards, including 
FHIR, USCDI, and the CMS prior-authorization requirements, can 
improve the availability and structure of some inputs.23-25 They do 
not by themselves create the role-level context specification, 
source precedence, validity gates, or missing-context responses 
that Digital Labor requires. 

 
FIGURE 4 - Context stewardship map. Each layer of the context stack carries a named accountable steward and an explicit update trigger. Stewardship — versioning, 

freshness review, source retirement, conflict resolution, and access control — is a Digital Operations function, not an informal responsibility. 

Context failure is often mistaken for model failure 
When Digital Workers fail, the visible error may look like a model 
mistake. The underlying cause may be context failure: the worker 
did not know which source was authoritative, that a policy had 
changed, that a local exception applied, that a patient needed 
language assistance, that a portal value was stale, or that a 
supervisor expected review. 

The distinction matters for improvement (Fig. 5). An organization 
that treats every failure as a model-performance issue may 
change models without repairing the operating dependencies that 
produced the error. Consistent with the broader literature on 
hidden technical debt in machine-learning systems, leaving 
source hierarchy, validity checks, ownership, and escalation 
unchanged may allow the same underlying weakness to recur in 
another form.26
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FIGURE 5 - Context failure versus model failure. The same visible error supports two diagnoses. Treating it as model failure changes the model and leaves the operating 
layer untouched, so the underlying weakness may recur in another form. Treating it as context failure repairs source hierarchy, freshness, stewardship, escalation, and 

evidence — controls that survive the next model change. 

Context failure also has equity implications. Algorithms can 
produce harmful effects when proxies, missing information, or 
historical patterns encode inequity.27 Digital Workers can produce 
operational inequity in the same way if language, disability, 
caregiver, transportation, benefit-design, or access constraints 
are absent from the context layer. Treating these factors as 
required context, rather than optional enrichment, is an 
operational safeguard as well as an ethical one. 

The executive test of context readiness 
Context readiness can be tested before a Digital Worker is 
deployed and audited afterward. Each question below should be 
answerable from the Digital Operations System of record rather 
than from the memory of the implementation team. The test 
therefore examines not only whether sources exist, but whether 
the organization can demonstrate their ownership, precedence, 
validity, use, and designed response to gaps. 

 

TABLE 1 - Executive test of context readiness. Six questions that should be answerable from the Digital Operations System of record rather than from the memory of the 
implementation team. 
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Close: context is the control layer 
Digital Labor becomes local through context. It becomes bounded 
through task-specific source hierarchy, current-validity rules, 
completeness thresholds, permitted-use constraints, and 
escalation. It becomes accountable when the organization can 
show which context was used, why it was considered 
authoritative and applicable, what was missing or conflicting, and 
who reviewed the exceptions. 

This is why context should be treated as infrastructure. It is not a 
document library attached to an AI system; it is the control layer 
through which organizational knowledge and operating state 
become usable for authorized work. Without that layer, capable 
models can guess, overgeneralize, or act on incomplete 
information, and failures may appear as surprising model errors 
even when their cause lies in the surrounding work system. 

With a governed context layer, Digital Workers operate inside the 
institution's actual conditions: its contracts, policies, systems, 
patients, workflows, and accountable judgment. Once models 
cross a threshold of capability, the strength of this local layer 
often determines whether that capability can be trusted in 
consequential work. DOpS makes the layer explicit, maintained, 
testable, and evidenced so that context quality can improve 
across the Digital Worker portfolio rather than being rebuilt 
informally for each deployment. 

Glossary of key concepts 
• Organizational context. Local knowledge and operating state 

required to perform work safely and effectively, including 
policies, rules, workflows, patient and case facts, source 
hierarchy, system state, and documented supervisory 
judgment. 

• Context stack. The layered structure of core records, policy and 
rule context, workflow state, system and partner state, patient 
and access context, and supervisory judgment that supports a 
role. 

• Source hierarchy. A task-specific precedence rule that 
determines which source governs when sources conflict, 
including the scope and applicability of that authority. 

• Freshness. The requirement that context be current and 
applicable enough for the action being taken, with validity 
thresholds set by task. 

• Missing context state. A designed operational state in which 
absent, stale, low-authority, inapplicable, or conflicting 
context triggers verify, gather, ask, abstain, defer, route, or 
escalate rather than inference. 

• Context stewardship. Named ownership and maintenance of 
local knowledge as a governed operating asset, including 
versioning, freshness review, and source retirement. 

• Context specification. The role-level definition of required 
sources, scope, authority, applicability, freshness, 
completeness, permitted use, missing-context responses, 
evidence, and stewardship for a Digital Worker. 
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